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= A systematic review summarises the results of Machine learning model
available studies and provides a high level of

evidence on the effectiveness of healthcare = Existing screening results: excluded
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interventions to inform recommendations for (n=1076) vs included references (n=45) o Sl T -
healthcare. = Four separate machine learning models e T ST "
= |n a systematic review, searching for studies is one trained by individual inputs: 1) authors; 2) TR T e . oo
of the most crucial steps. Forward citation title; 3) journal and 4) abstract from each i - _ ™ . " s.n:f“h‘*i!ﬁf'em":z:z
snhowballing (refers to identify new studies based on reference e B v 21 "
those papers citing the study being examined) is an " Text data processing and cleaning [nitk] e R
effective method to look for new studies and double- " Data exploration [scattertex] LT TR S g T
check. = Machine learning (ML) model training via i e A
= Google Scholar is a comprehensive database for Tokenization, Tr-IDF, and s
forward citation snowballing. RandomForestClassifier [sklearn]
= Accuracy ~ 86% in four models
Problem = Four ML models form a majority rule system
o to exclude irrelevant references
= Google Scholar’s searching algorithm and display
are not reproducible and transparent. Google Scholar scraper
= The search results can come up with many irrelevant = Scrape key data from Google Scholar search Analysing deta and undertang meta-analyses
studies, leading to labour- and time-consuming results, including AUENOFS, Journal, Title, ABSEAGH, |« oo i i e
screening. Publication Year, URL, URL of cited, Number of o o e gy e emater
= Google Scholar does not provide an easy interface cited [selenium/request-html/urllib]

for downloading a large amount of references.

Automated forward citation snowballing system

Aims = Started with key words, “Lassa fever ribavirin”

1. To observe Google Scholar searching algorithm and

citation pattern for forward citation snowballing " Ten iterations:

= Retrieved up to 10 references from “cited by” link in each potential reference
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= Duplicates occurred more frequently in later
iterations, reflecting decreased true retrieval rate
and inefficient retrievals.
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= After manually screened the retrieved references, M o
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= Automated network plots and other visualisation ¢®e°see ' mo
features
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